Objectives: Previous studies have demonstrated that while health factors lose importance for the individual conceptualization of self-rated health (SRH) with advancing age, subjective well-being (SWB) factors gain in importance. The present study examined whether this age-related pattern differs between educational groups. Method: Longitudinal data of adults aged 40 years and older of the German Ageing Survey was used (N = 6,812). The role of education in age-related changes in the predictive value of different health and SWB facets for SRH was investigated with a cross-lagged panel regression model. Results: Physical conditions were a stronger predictor in lower than in higher educated individuals while the association did not change with age. In contrast, positive affect and life satisfaction only gained in importance with advancing age for higher educated individuals. Negative affect was an equally strong predictor independent of education, and loneliness had a stronger association with SRH in people with lower education compared to those with high education while the associations did not change with age. Discussion: The findings highlight the importance of considering the multidimensionality of SWB and the educational background of individuals for the study of SRH and indicate possible limits to adjustment to age-related declines in health.
Self-rated health (SRH) is known to predict major changes in health outcomes such as future morbidity (Fayers & Sprangers, 2002) , physical and cognitive functioning (Bond, Dickinson, Matthews, Jagger, & Brayne, 2006) , and mortality (Benyamini & Idler, 1999; Idler & Benyamini, 1997 )-beyond the objective health status. This finding is striking, because SRH is mostly measured with a single item that asks how a person evaluates his or her current state of health. To better understand the important role of SRH for future health and longevity, several studies have examined what people include when they self-rate their health. These studies showed that SRH is based on physical health status up to old age (Galenkamp et al., 2013; Manderbacka, Lundberg, & Martikainen, 1999) but also on subjective well-being (SWB) factors such as positive affect (Benyamini, Idler, Leventhal, & Leventhal, 2000) , life satisfaction (Siahpush, Spittal, & Singh, 2008) , negative affect (Segerstrom, 2013) , and loneliness (Nummela, Seppänen, & Uutela, 2011) . Several studies have shown that the association between different factors and SRH change with advancing age. However, the question is whether this age-related change of predictor strength for SRH can be generalized to all aging individuals. In particular, there are several theoretical reasons to assume different patterns in different educational groups. The present study examines whether educational differences influence the strength of the association between both physical conditions and SRH and various SWB indicators and SRH and while in lower educational groups, the same phenomenon at this age may be well perceived as comparatively normal. Reweighting of SRH predictors might start earlier for lower than for higher educated individuals. Specifically, as the onset of the age-related decline in health begins on average later for higher educated individuals (Herd et al., 2007) , health factors should start losing and SWB should start gaining in importance for SRH with a later onset in higher educated individuals.
The Present Study
Our goal in the present study was to examine the role of education in the changing importance of physical conditions and SWB predictors of SRH with advancing age. We used physical conditions as a proxy for physical health status as physical health has been shown to be the main determinant for SRH (Manderbacka et al., 1999) . As we were mainly interested in the changing role of SWB for SRH with advancing age, we considered SWB with four predictors so as to be able to detect possible differential effects regarding emotional (positive and negative affect), cognitive (life satisfaction), and social (loneliness) SWB facets. This allowed us to distinguish between positive (positive affect, life satisfaction) and negative facets of SWB (negative affect, loneliness). This is important, as positive indicators of SWB have been shown to be more strongly related to SRH than negative indicators (Benyamini et al., 2000; Winter, Lawton, Langston, Ruckdeschel, & Sando, 2007) and previous studies have emphasized the increasing importance of positive SWB indicators for SRH in old age (Benyamini et al., 2000) .
In summary, our research questions and corresponding hypotheses read as follows:
1. Do we detect the same age-related pattern for the changing importance of physical conditions and SWB for SRH as previous studies mentioned above?
-Physical conditions should lose in importance for SRH with advancing age. -SWB predictors should gain in importance for SRH with advancing age.
2. Are educational differences a factor in the strength of association between physical conditions, SWB and SRH?
-Physical conditions should be on average less important for SRH in higher educated individuals compared to lower educated individuals. -SWB predictors should be on average less important for SRH in higher educated individuals compared to lower educated individuals.
3. Are there any educational differences in the age-related pattern of the changing importance of physical conditions and SWB for SRH?
-Physical conditions should start to lose in importance for SRH with a later onset for higher educated individuals.
-SWB predictors should start to gain in importance for SRH with a later onset for higher educated individuals.
Methods

Design and Sample
The present study used data from the German Ageing Survey (Deutscher Alterssurvey; DEAS). DEAS is an ongoing cohort-sequential nationally representative study of community-dwelling older individuals living in Germany. Every 6 years a new baseline sample is drawn by means of national probability sampling and is systematically stratified by age, gender, and region (former West or East Germany; Engstler & Motel-Klingebiel, 2010) . Besides the baseline sample, all other participants who agreed to be reinterviewed, are also included every 6 years (panel sample). Data for the present study came from two baseline samples (1996, 2002) and their corresponding follow-up occasions (1996-2002-2008, 2002-2008) . We excluded individuals with missing information on education (n = 6).
All in all, 6,812 individuals aged 40-87 years were analyzed (4,077 individuals provided data for one measurement occasion, 1,998 individuals were measured twice, and 737 individuals took part on all occasions).
Measures
Self-Rated Health
The dependent variable in the present study was SRH. SRH was assessed in 1996, 2002, and 2008. We measured SRH by a single item asking "How would you rate your present state of health?" Participants were asked to rate their global health on a 5-point scale ranging from "very good"
(1) to "very bad" (5). This item was recoded, so that higher values indicate better SRH.
Physical Conditions
We used a checklist of 11 different self-reported physical conditions (e.g., "cardiac and circulatory diseases", "bad circulation", "joint, bone, spinal or back problems", "respiratory problems, asthma, shortness of breath", "stomach and intestinal problems", "cancer", "diabetes", "gall bladder, liver or kidney problems", "bladder problems", "eye problems, vision impairment", "ear problems, hearing problems"). For each person, a sum score was computed with higher values indicating more self-reported physical conditions.
Subjective Well-being
Positive and negative affect, life satisfaction, and loneliness were used to cover different facets of SWB. We used the Positive and Negative Affect Schedule (PANAS; Watson, Clark, & Tellegen, 1988) to assess positive and negative affect. Participants were asked to indicate the extent to which they experienced 10 different positive (e.g. "excited", "inspired") and 10 different negative emotional conditions (e.g. "distressed", "nervous") during the past few months on a 5-point scale ranging from "very slightly or not at all" to "extremely". Life satisfaction was assessed with the Satisfaction with Life Scale (SWLS; Pavot & Diener, 1993) . Participants were asked to indicate the extent to which they agree with five general statements (e.g. "In most ways my life is close to my ideal") on a 5-point scale ranging from "strongly agree" to "strongly disagree". The scale was recoded so that higher values indicate higher life satisfaction. We used the loneliness scale from De Jong Gierveld and Van Tilburg (2006) to assess loneliness. Participants were asked to indicate for six statements (e.g. "I miss having people who I feel comfortable with") the extent to which these statements apply to their situation on a 4-point scale ranging from "strongly agree" to "strongly disagree". Higher values on this scale indicate higher levels of loneliness. The internal consistency of all four SWB scales at each measurement occasion was good (all Cronbach's Alphas > 0.81).
Education
Education functioned as the grouping variable in the present study. We used the ISCED (International Standard Classification of Education; UNESCO, 2006) to assess education. The ISCED coding combines information regarding school education and professional education and distinguishes between three groups: low (without completed vocational training, n = 977; 14.3%), middle (with completed vocational training and/or high school diploma, n = 3,879; 56.9%), and highly educated individuals (e.g. graduation from a technical school, vocational academy, school of business administration or university, n = 1,956; 28.7%).
Control Variables
As we used data from two different waves in the present study, we included a respective dummy variable in all analyses (1 = "baseline interview in 1996", 0 = "baseline interview in 2002"). Region (33.7% Eastern Germany, 66.3% Western Germany) and gender (48.8% female, 51.2% male) were used as controls as the baseline DEAS samples are disproportionally stratified according to these variables.
Data Analyses
We were especially interested in change with advancing age. Thus, chronological age and not change over measurement occasions constituted the time scale of the analyses. In order to do this, we constructed eight age groups, each age group with an age range of 6 years. Therefore, each participant was only included once in each age group because the longitudinal distance between the three measurement points also equaled 6 years. The age range of the sample for the present study spanned 47 years (40-87 years). After the age of 87, the data were too sparse to allow for statistical modelling. Mplus (Muthén & Muthén, 1998 -2010 was applied for all statistical analyses employing full information maximum likelihood (FIML) procedure to account for incomplete data. The FIML algorithm does not estimate missing data (in contrast to imputation approaches), but accounts more for missing values in model parameter estimates. By using all available data regardless of whether or not participants stayed in the study, potential differential sample attrition effects were minimized. Monte Carlo simulations have shown that biases in parameter estimates due to sample attrition are less severe if all information available is considered rather than using complete case information only (Graham, 2009; Newman, 2003) . All variables were T-standardized (M = 50, SD = 10) to obtain a common metric across variables. In a multigroup cross-lagged panel design (see Figure 1 ), we tested whether or not the cross-lagged regression weights of different predictors of SRH differed with advancing age and between educational groups (bold arrows in Figure 1 ). At the same time, we controlled for the reverse direction of causality (i.e., the influence of SRH). For reasons of parsimony, we assumed that possible changes of regression coefficients across age would be linear in nature, meaning that regression weights were allowed to change for every age group by the same amount. We employed separate models for each predictor to simplify the interpretation of the results (see Lindenberger & Pötter, 1998) and evaluated educational differences by using multigroup model constraints. For reasons of parsimony, we will report here only differences between two educational groups (low + middle vs. high education). Our analyses found no differences between the low and medium educational group.
In all models, the dummy variable indicating cohort as well as gender and region were included as covariates. The inclusion of the sample stratification factors as covariates in the models nullifies the need for sample weights (Winship & Radbill, 1994) . We used the root mean square error of approximation (RMSEA) and comparative fit index (CFI) to evaluate the model fit. Values of RMSEA close to 0.08 (or smaller) and CFI > 0.90 indicate an acceptable fit (Marsh, Hau, & Wen, 2004) . Via χ 2 -difference-tests we compared nested models. The alpha level was set at 0.05.
Our baseline model (model 0) was the most restricted; the autoregressive paths and the average influence from the predictor at hand on SRH were freely estimated but set equal between both educational groups; the linear change across age of cross-lagged regression coefficients was set to zero for both groups. Before testing hypotheses, we examined whether all autoregressive paths should be freely estimated in both educational groups (model 1). A non-significant contrast between model 0 and model 1 indicated that the auto regression coefficients could be set equal between the educational groups.
In the following, we will describe our analytic procedure for the direction of interest for this study: from the predictor at hand to SRH. First, we released the coefficients predicting SRH in both educational groups in order to test whether the impact of a predictor varied across educational groups. Second, we tested whether the strength of a predictor varied by age. Specifically, we evaluated whether the linear change of cross-lagged regression coefficients across age differed from zero while being equal across educational groups. Third, we examined educational differences in agerelated changes. Specifically, we freely estimated the linear change across age of cross-lagged regression coefficients in each group.
In the final model, non-significant model parameters were tested against zero for reasons of parsimony. Furthermore, if linear changes across age of cross-lagged regression coefficients had differed by education, we tested if the last crosslagged path from the second oldest to the oldest age group could be set equal across educational groups. With this final test, we established if the predictor strength reached the same maximum in both educational groups.
A detailed description of all conducted model tests including a figure can be found in the Supplementary Material.
Results
Descriptive statistics for the sample are displayed in Table 1 . All final models fitted the data well: RMSEA was always < 0.03 and the CFI > 0.90. However, due to idiosyncrasies in the data we allowed for covariations between particular error variances. For all variables except negative affect (SRH, number of physical conditions, positive affect, life satisfaction, and loneliness), the auto regression coefficients could be set equal between educational groups. Table 2 presents the cross-lagged regression coefficients from the youngest to the second youngest age group from each final model of the regression of SRH on the studied Figure 1 . Illustration of the cross-lagged panel model to examine the changing influence of a predictor (P) on self-rated health (SRH). Bold printed arrows represent the influence of the predictor on SRH-the influence of interest for the present study. Thinner printed arrows represent present relationships in the model of subordinate interest for the present study. This model was employed parallel for two educational groups in one model and for each of the five predictors separately.
health and SWB predictors (left side) and the parameter for the proposed linear change of cross-lagged regression coefficients with advancing age, if appropriate (right side). With this information, it is possible to generate every regression coefficient for both educational groups for the cross-lagged paths of the model shown in Figure 1 by adding up the linear change. For example, the unstandardized regression coefficient for life satisfaction in the youngest age group (40-45 years) is b = 0.20 in the low and b = 0.06 in the high educational group (cf. Table 2 ). There is no age effect in the lower educational group (lin low = @0, cf. Table 2 ) which means that the cross-lagged regression coefficient does not change over age. There is, however an age effect in the higher educational group: by adding 0.02 (=lin high , cf. Table 2 ) this results in the unstandardized regression coefficient for the second youngest age group (46-51 years; b = 0.08) in the higher educational group and so on.
For number of physical conditions, releasing the parameter indicating the average influence on SRH for the higher educational group led to a significant change of the model fit (Δ χ 2 = 7.87, Δdf = 1, p = .01). This indicates that the average influence of the number of physical conditions on SRH differed between the higher and the lower educational group. As can be seen in Figure 2a , the number of physical conditions was a stronger predictor for SRH in the lower than in the higher educational group. Estimating linear change across age of cross-lagged regression coefficients freely did not lead to a significant contrast between the models (Δ χ 2 = 1.81, Δdf = 1, p = .18). Thus, contrary to our expectations, the influence of the number of physical conditions on SRH showed no age effect (Figure 2a) . n = 486 n = 532 n = 512 n = 407 n = 344 n = 255 n = 97
Notes. In order to control for potential differential sample attrition effects, all reported parameters are adjusted using full information maximum likelihood procedure (FIML, see Statistical Analysis).
For positive affect, releasing the parameter indicating the average influence on SRH for higher educational group led to a significant change of the model fit (Δχ 2 = 9.31, Δdf = 1, p = .002). This indicates that the general effect of positive affect on SRH differs between the higher and the lower educational group. Estimating the linear change across age of crosslagged regression coefficients freely (being still equal across educational groups) also led to a significant contrast between the models (Δχ 2 = 6.11, Δdf = 1, p = .001). Educational differences regarding this age effect were also present. Releasing the parameter in the higher educational group led to a significant change of the model fit (Δχ 2 = 4.53, Δdf = 1, p = .03). As shown in Figure 2b and as expected, positive affect gained in importance for the prediction of SRH with advancing agebut in the higher educational group only. In the lower educational group, however, no age effect was present, contrary to our expectations. Instead, as can be seen in Figure 2b , positive affect showed a constant influence on SRH with advancing age (the parameter for the linear change across age of crosslagged regression coefficients was not significant and could be set to zero; Δχ 2 = 0.75, Δdf = 1, p = .39). Additionally, the cross-lagged path from the second oldest to the oldest age group could be set equal between educational groups (Δχ 2 = 1.63, Δdf = 1, p = .20). This means that the impact of positive affect on SRH was the same for both educational groups in the oldest age group. The age-related development of reweighting the importance of positive affect "ended" at the same level for both educational groups.
For life satisfaction, the same pattern of results emerged as for positive affect (Figure 2c ). The general effect of life satisfaction on SRH (Δχ 2 = 7.48, Δdf = 1, p = .01) as well as the age effect differed between the higher and the lower educational group (Δχ 2 = 4.27, Δdf = 1, p = .04). As shown in Figure 2c , life satisfaction gained in importance for the prediction of SRH with advancing age in the higher educational group only, while having a constant influence on SRH in the lower educational group (the parameter for the linear change of cross-lagged regression coefficients is not significant and could be set to zero; Δχ 2 = 0.18, Δdf = 1, p = .67). Furthermore, the cross-lagged path from the second oldest to the oldest age group could be set equal between educational groups (Δχ 2 = 1.46, Δdf = 1, p = .23). This means that the impact of life satisfaction on SRH again leveled off at the same strength in both educational groups.
For negative affect, a different pattern can be seen in Figure 2d as compared to positive affect and life satisfaction-at least in the higher educational group. The average influence of negative affect on SRH did not differ between both educational groups. Furthermore, no age effect occurred in any educational group. Negative affect had a stable impact on SRH across all ages regardless of educational background.
For loneliness, almost the same result pattern occurred as for negative affect. However, this time releasing the parameter in the higher educational group denoting the average influence led to a significant change of the model fit (Δχ 2 = 15.05, Δdf = 1, p < .001). The average effect of loneliness on SRH differed between the higher and the lower educational group. However, no age effect implicated by a significant linear change of the cross-lagged regression coefficients was found. As can be seen in Figure 2e , loneliness had a stable influence on SRH over age and was a stronger predictor in the lower than in the higher educational group. In fact, loneliness did not influence SRH in the higher educational group. The parameter for the average impact on SRH across all age groups could be set to zero (Δχ 2 = 0.002, Δdf = 1, p = .96).
Discussion
In the present study, we examined the role of education in the changing importance of physical conditions and of several SWB indicators for SRH with advancing age. We used data from three different measurement occasions of a large representative longitudinal survey (DEAS) and considered two educational groups. Note. Regression coefficients come from models regressing self-rated health on health and subjective well-being predictors separately. Displayed is only the regression coefficient of the youngest to the second youngest age group (b) as well as the linear change of cross-lagged regression coefficients (lin), if appropriate (otherwise "@0" indicates that the parameter at hand could be set to zero), according to education (with low = low education, high = high education). Regression coefficients are unstandardized with standard errors in parentheses. Unless otherwise indicated, coefficients differ significantly from zero (p < .05).
a Not significant at the p < .05 level.
While the number of physical conditions was a stronger predictor in the lower than in the higher educational group, the association with SRH did not change with age. However, positive affect and life satisfaction gained in importance for the prediction of SRH-but only in the higher educational group. In the lower educational group, these two positive SWB indicators showed a stable impact on SRH. Negative affect and loneliness were significant predictors for SRH but these associations did not change with age-regardless of educational status. Furthermore, loneliness was a significant predictor of SRH in the lower, but not in the higher educational group.
The Role of Education for Physical Conditions as a Predictor of SRH
The number of physical conditions was more important for lower educated individuals than for higher educated individuals, which supported our hypothesis. The reserve capacity model states that higher educated individuals have more pronounced psychosocial resources available to cope with negative experiences (Gallo & Matthews, 2003) . These resources might enable higher educated individuals to cope better with the negative effects of worsening physical health on SRH. Furthermore, higher educated people could have a lower average symptom severity, for example, due to a better access to medical care. Figure 1) . The numbers on the x-axis symbolize the seven cross-lagged paths between the eight age groups [with 1 = regression of self-rated health (SRH) in age group 46-51 years on number of physical conditions/positive affect/life satisfaction/negative affect/loneliness in age group 40-45 years; …; 7 = regression of SRH in age group 82-87 years on number of physical conditions/positive affect/life satisfaction/negative affect/loneliness in age group 76-81 years]. The higher a bar the bigger the influence of the predictor at hand on SRH (direct comparisons between number of physical conditions, positive affect, life satisfaction, negative affect, and loneliness are not possible as the regression coefficients derive from five separate models). Unless otherwise indicated, coefficients differ significantly from zero (p < .05). n.s. not significant at the p < .05 level.
Contrary to our expectations and some previous studies (French et al., 2012) , our findings suggest that the number of physical conditions is of stable importance for SRH across age. It is possible that this finding could be attributed to a truncated age range as we did not study people older than 87 years. Furthermore, small differences between single age groups might exist despite the non-significant trend over the whole age range. We also cannot make any statements regarding the severity of single conditions nor the composition of the whole sum. However, other studies also found no evidence for an age-related decreasing impact of diseases on SRH (Galenkamp, Braam, Huisman, & Deeg, 2011) . Some researchers noted that physical health remains the major determinant of SRH also in old age (Manderbacka et al., 1999) . Our findings support this assumption. The number of physical conditions seems to be the strongest predictor of SRH relative to the SWB predictors studied (although direct comparisons between prediction strengths were not possible because the variables were analyzed in separate models).
The Role of Education for Various SWB Predictors of SRH
Substantial educational differences were observed regarding the SWB predictors of SRH. SWB itself is a multidimensional concept covering cognitive, emotional, and social facets, each of which can be of positive or negative value. As expected, in the higher educational group positive facets of SWB such as positive affect and life satisfaction gained in importance for SRH with advancing age. This supports the assumption that a shift in internal standards, values or the conceptualization of what health means (response shift; Sprangers & Schwartz, 1999; Rapkin & Schwartz, 2004) takes place during the aging process which leads to an increasing importance of positive SWB predictors for SRH.
The pattern for positive facets of SWB, however, could not be observed in the lower educational group. In the group of lower educated individuals, positive affect and life satisfaction were of a stable importance for SRH across all age groups. However, the same shift in internal standards or in the conceptualization of what health means might exist for the lower educational group as well. This shifting process might just start earlier in life for lower than for higher educated individuals as the lower educational group experience a decline in health status earlier in life (Herd et al., 2007) . While our sample starts at the age of 40 years, it is possible that the shift of internal standards in lower educated individuals has already been completed at that age. In other words, positive SWB predictors such as positive affect and life satisfaction might have already gained their maximal importance for SRH before the age of 40 in lower educational groups. Alternatively, further changes after the age of 40 might have been so subtle in the lower educated group that our statistical approach was not sensitive enough to capture them. SWB consists of emotional, cognitive, and social facets. According to our results, a differentiation between positive and negative SWB facets is apparently sufficient in respect of age-related predictors of SRH. This differentiation is in line with previous studies that have shown that positive indicators of SWB were more strongly related to SRH than negative indicators (Benyamini et al., 2000; Winter, et al., 2007) . In our sample, positive affect and life satisfaction seemed to have in general a stronger association with SRH than negative affect and loneliness (although a direct comparison is not possible due to the fact that our analysis approach used separate models for different predictors of SRH). Loneliness in particular was even unrelated to SRH in the higher educational group of our sample. Previous research has shown that social factors (e.g., social support) are of particular importance for health outcomes in older individuals with lower education (Schöllgen et al., 2011) . In line with this research, social facets of SWB (loneliness) might also be of particular importance for SRH for lower educated individuals. Additionally, both loneliness and negative affect were of stable importance for SRH on a rather low level in contrast to positive affect and life satisfaction. This general pattern (positive SWB facets are more important for SRH than negative facets) suggests that response shift (Rapkin & Schwartz, 2004; Sprangers & Schwartz, 1999 ) also plays a role for SWB predictors of SRH. It seems that individuals, regardless of their education, incorporate favorable SWB components into their SRH, which helps them to maintain good SRH despite an increase in chronic conditions. Increasing independency between objective and subjective indicators with advancing age might be rather protective than debilitating (Shmotkin, Shrira, Eyal, Blumstein, & Shorek, 2014) . A shift in the meaning of health could therefore be interpreted as a sign of successful adaptation.
To summarize, educational differences regarding the association between physical conditions and various SWB predictors of SRH with SRH exist and some of them also vary by age. This means SRH might not only constitute something different depending on age but also depending on educational status. Educational differences in relation to the strength and the age-related change in various SRH predictors might also explain why the association of SRH and mortality varies according to education (Beam Dowd & Zajacova, 2007; Lee et al., 2007; Singh-Manoux et al., 2007) . Educational differences in relation to the predictive qualities of SRH raise the question of whether SRH is a reliable indicator of objective health status. If SRH signifies something different depending on educational status as our findings suggest, objective health inequalities may be over-or underestimated. Hence, although SRH may often be used as "proxy" for a more comprehensive measure of objective health, comparisons between different population groups should be made with caution. Researchers should be aware of the different meanings of SRH in different groups.
Limitations
This study has several limitations. First, we used large scale survey data from the DEAS. The DEAS is a nationwide representative survey of the German population aged 40 years and older living in private households. Consequently, generalization of our findings to older adults living in institutions should be treated with caution. Second, due to data limitations, we were not able to consider functional health and depressive symptoms as additional variables in our study, although previous studies have pointed to their high importance for SRH, in particular with advancing age (French et al., 2012; Schnittker, 2005) . Future studies examining different predictors for SRH in the context of education and age should additionally take these SRH predictors into account. Third, the complex analysis used in our study enabled us to examine longitudinal changes in predictor strength of SRH controlled for the influences of reversed causality (i.e., the influence of SRH on the predictor development). Unfortunately, our design restricted us to examining one variable at a time. Thus, we were not able to compare prediction strengths between predictors directly. Moreover, the methodological approach was ill-suited to include time varying covariates. This approach would have been particularly important for examining associations of SWB with SRH above and beyond the number of physical conditions. A further limitation concerns the self-reported nature of the number of physical conditions. Although the validity of self-reported morbidity has been demonstrated in numerous other studies (e.g. Katz, Chang, Sangha, Fossel, & Bates, 1996) , the use of more objective health data in future studies would strengthen the findings. For future studies, it would also be interesting to include other socioeconomic indicators. Education is one major socioeconomic indicator. However, although higher education leads to higher income and is also associated with occupational status it would be interesting to know if our findings are due to education itself or to socioeconomic indicators in general.
Conclusion
Our analyses focused on the hitherto neglected role of education in different age-related health and SWB predictors of SRH. Although education is something acquired relatively early in the life course, it has a major impact for outcomes in middle and later life. These findings may imply that intervention programs for increasing health in an aging population should differentiate between educational groups. Moreover, our results suggest that there might be limits to the extent to which aging individuals are able to reweight indicators of SRH. In other words, there might be limits to adapting to declining health and lower educated individuals may reach them earlier.
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